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[4] Alan M. Ferrenberg and Robert H. Swendsen. Optimized Monte Carlo data analysis. Phys.Rev. Lett., 63:1195-1198, 1989.
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Algorithm : Monte Carlo Simulation for Asian option

Input: initial price S, strike price K, expiry time T, interest
rate r, stochastic volatility o, number of paths per core niinitial
volatility Yo, number of observation points N

Output: the option price p with control variables

fori=0,1, ,ndo

generate normal random numbers using gen_rand kernel
on GPU;

calculate option prices using opt_kernel on GPU;

transfer option prices from GPU to host node;

end for
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